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A M ethod of Video Shot Boundary D etection Using
Unsupervised C lustering

CHEN Jing, LU Y ang’
(L Faculty of Applied Physics Guangdong University of T echnology Ganzou 510006 Chng
2 Faculty of hHm atbn Engineering, Guangdong University of T echnology G uangzhou 510006 China)

Abstract According to the analysis of the existing shot boundary detection akorithms anew algorithm
based on manent-preserving ¢ listering is pooposed Smulatbn results indicate that the proposed algo-
ribm can notnoly mprove the recall and the precision of detectng shot boundaries but slso provide
satisfactory results of gradual shot boundaries detectbn In additbn the akoribm is robust to various

types of video sequence

Key words shotboundary detectbry mament— preserving clusterng CCV histogran; flasshlght de
tectbn
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Typical Application of Fuzzy Theory Used in Equipm ent
Fault D iagnosis Based on ANN

LONG Xiang QAN Zh+bo
(College ofM aring N orthw estem Polytechn calUn wersity X idn 710072 China)

Abstract This paper gives the way of using fuzzy theory to establish ANN ( artificial neural network)

for sngle-fau It and mu li+-faulis d agnosis based on one set of symptans and m ultifautt d iagnosis based
on more sets of symptans respectively In additbn each ANN established here is a typical kind of
fuzzy neural netw orks for fau lt diagnosis The paper sets forh how to establish an avaibble fault diag-

nosis system based on ANN while in practice thereforg itmay have sane extent reference valies and
may be nstuctive n fault diagnosis field to construct fault d iagosis systen based on ANN.

Key words artificial neural netvork (ANN); fault diagnosis fizzy heory, fuzzy neural netw otk



